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Introduction 
In today’s digital economy, data is more than a byproduct of business operations—it’s 
the fuel for innovation, competitive advantage, business value creation and long-term 
growth. Yet, many organizations still treat data as an afterthought, focusing on 
analytics, AI, or digital transformation without first ensuring the data itself is 
trustworthy, secure, and well-managed. 

In this whitepaper, we’ll explore a practical framework that helps organizations unlock 
the full value of their data—safely, efficiently, and in alignment with business goals. 
Data is no longer just an IT asset—it’s a strategic business enabler. When governed 
properly, data can: 

- Accelerate innovation by powering AI, automation, and advanced analytics 
- Improve decision-making through accurate, timely, and contextual insights 
- Enhance customer experiences by enabling personalization and responsiveness 
- Ensure compliance with evolving regulatory landscapes like GDPR 
- Reduce costs by eliminating redundancy, inefficiency, and risk 

But without governance, data becomes a liability. Poor data quality, unclear ownership, 
inconsistent access, and regulatory non-compliance can derail even the most 
ambitious digital initiatives. 

Data governance is not a one-time project or a compliance checkbox. It’s a strategic 
capability that ensures data is: 

- Classified according to sensitivity and value 
- Accessible only to those who need it 
- Protected through encryption and monitoring 
- Trusted through quality controls and metadata 
- Compliant with internal and external policies 
- Managed across its entire lifecycle 

In short, data governance is the foundation upon which AI, analytics, and digital 
transformation are built. 

Our framework breaks data governance into 11 actionable categories, each addressing 
a critical aspect of enterprise data management. These categories are not theoretical—
they’re based on real-world challenges and responsibilities faced by both IT and 
business teams. 
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Here’s a preview of what’s included in this whitepaper: 

1. Data Classification – How to organize data based on sensitivity and business 
value 

2. Access Control – Ensuring the right people have the right access at the right 
time 

3. Data Encryption – Protecting data in transit and at rest 
4. Data Quality – Making sure data is accurate, complete, and consistent 
5. Metadata Management – Capturing the context that makes data usable and 

explainable 
6. Data Compliance & Regulatory Measures – Staying ahead of legal and ethical 

obligations 
7. Data Lifecycle Management – Managing data from creation to deletion 
8. Data Consolidation – Breaking down silos to create unified, usable datasets 
9. Data Cost Management – Controlling the financial impact of data growth 
10. Data Monitoring & Auditing – Tracking usage, changes, and anomalies 
11. Data Incident Response & Disaster Recovery – Preparing for the unexpected 

 

 
Each upcoming chapter will explore one of these categories in depth, answering four 
key questions: 

- What does it mean? 
- What does IT need to do? 
- What does the business need to do? 
- What happens when it’s not done? (with a real-world example) 
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As AI adoption accelerates, the risks of poor data governance multiply. Biased models, 
data breaches, compliance failures, and wasted investments are not hypothetical—
they’re happening now. 
 
Let’s build the foundation—before the algorithm. 
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Data Classification: The First Step Towards 
Responsible Data Use 
In our journey toward enterprise-grade data governance, we begin with a deceptively 
simple but foundational concept: Data Classification. 

Why start here? Because if we don’t know what data we have—or how sensitive, 
valuable, or risky it is—we can’t govern it effectively. Classification is the lens through 
which we view all other governance activities: access control, encryption, compliance, 
and even AI model training. 

What Is Data Classification? 
Data classification is the process of organizing data into categories based on its 
sensitivity, business value, and intended use. These categories help us determine 
how data should be handled, protected, and shared. 

Typical classification levels include: 

- Public – Safe for open sharing (e.g., marketing brochures). 
- Internal – For internal use only (e.g., internal reports). 
- Confidential – Restricted to specific roles (e.g., customer data). 
- Highly Sensitive – Requires strict controls (e.g., health records, trade secrets). 

But classification isn’t just about labels—it’s about risk management and value 
realization. 

Why It Matters 

Without proper classification: 

- We risk exposing sensitive data to unauthorized users. 
- We may overprotect low-risk data, wasting time and resources. 
- We can train AI models on inappropriate datasets, leading to compliance 

violations or biased outcomes. 
- We struggle to meet regulatory requirements like GDPR and others. 

In short, classification is the first defense against data misuse—and the first enabler 
of data-driven innovation. 

What IT Needs to Do 

From a technology perspective, IT plays a critical role in operationalizing classification: 

- Implement classification tools that tag data automatically based on content, 
source, or metadata. 

- Integrate classification into data pipelines, storage systems, and access 
control mechanisms. 

- Maintain classification policies and ensure they evolve with the business. 
- Enable discoverability through metadata and search capabilities. 
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But tools alone aren’t enough. Classification must be embedded into the data 
lifecycle, from ingestion to archival. 

What the Business Needs to Do 

Business teams are the owners of data context. They understand the value, risk, and 
usage of data better than anyone. 

Their responsibilities include: 

- Defining classification criteria based on business impact and regulatory 
exposure. 

- Assigning data ownership and ensuring accountability for classification. 
- Training teams to recognize and apply classification standards. 
- Reviewing and validating classifications regularly, especially when data is 

repurposed. 

This is not a one-time exercise—it’s a collaborative, ongoing process between 
business and IT. 

What Happens When It’s Not Done 

Let’s consider a real-world example (anonymized for confidentiality): 

A hospital developed an AI model to predict patient readmission rates. Because 
data was not properly classified, sensitive health records were mixed with 
general operational data. The model unintentionally exposed personal health 
information in its outputs. The hospital faced scrutiny under GDPR, had to halt 
the project, retrain the model, and notify affected patients—damaging trust and 
delaying innovation. 

This could have been avoided with a robust classification framework. 

How to Get Started 

If your organization is just beginning, here’s a simple roadmap: 

1. Start small – Focus on a few high-impact datasets. 
2. Define clear categories – Align with legal, operational, and business needs. 
3. Assign ownership – Make classification a shared responsibility. 
4. Automate where possible – Use tools to scale classification efforts. 
5. Review regularly – Classification is not static; it evolves with your business. 
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Access Control: Ensuring the Right People Access 
the Right Data 
As we continue building our data governance foundation, we move from knowing what 
data we have (via classification) to controlling who can access it. This is where Access 
Control comes in—a pillar that’s as much about trust as it is about security. 

What Is Access Control? 
Access control is the practice of managing who can view, modify, or use data, based 
on their role, responsibility, and business need. It’s about enforcing the principle of 
least privilege—giving people only the access they need, and nothing more. 

There are several models of access control: 

• Role-Based Access Control (RBAC) – Access is granted based on job roles. 
• Attribute-Based Access Control (ABAC) – Access is determined by user, 

resource, and environmental attributes. 
• Discretionary or Manual Access Control – Often ad hoc, and prone to error. 

In enterprise environments, RBAC is the most common starting point—but it must be 
implemented with discipline and regular review. 

Why It Matters 

Without proper access control: 

• Sensitive data can be leaked or misused, either accidentally or maliciously. 
• AI models may be trained on unauthorized datasets, leading to compliance 

violations. 
• Internal users may overstep their roles, creating audit and legal risks. 
• We lose visibility into who accessed what, when, and why. 

Access control is not just about keeping the bad actors out—it’s about enabling the 
right people to do their jobs safely and efficiently. 

What IT Needs to Do 
IT teams are responsible for implementing and maintaining the technical controls that 
enforce access policies: 

• Deploy identity and access management (IAM) systems that support RBAC and 
ABAC. 

• Integrate access control into cloud platforms, data lakes, and AI environments. 
• Monitor access logs and set up alerts for unusual behavior. 
• Automate provisioning and deprovisioning of access as roles change. 
• Regularly audit permissions to prevent privilege creep. 

Access control must be embedded into the architecture, not bolted on as an 
afterthought. 
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What the Business Needs to Do 
Business teams play a critical role in defining and governing access: 

• Define roles and responsibilities clearly, including data ownership. 
• Approve access requests based on business justification. 
• Review access rights periodically, especially after organizational changes. 
• Report anomalies or inappropriate access when observed. 

Access control is not just an IT issue—it’s a shared accountability model between 
business and IT. 

What Happens When It’s Not Done 

Here’s a real-world example that illustrates the risk: 

At a large bank, a data scientist accessed customer transaction data beyond 
their role’s scope to test a new AI fraud detection model. The lack of granular 
access control allowed this breach. When the model was shared internally, it 
included identifiable customer patterns. This triggered a GDPR investigation and 
internal disciplinary actions. The bank had to revise its access policies and 
retrain staff—costing time, trust, and reputation. 

This wasn’t a malicious act—it was a governance failure. 

How to Get Started 

To strengthen access control, we recommend: 

1. Map your data roles – Who needs access to what, and why? 
2. Implement RBAC – Start simple, then evolve toward ABAC if needed. 
3. Automate access provisioning – Reduce manual errors and delays. 
4. Review access regularly – Especially after reorganizations or role changes. 
5. Educate users – Make access control part of your data culture.  
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Data Encryption: Protecting Data in Transit and at 
Rest 
As we continue strengthening our data governance foundation, we now turn to Data 
Encryption—a pillar that’s often misunderstood as purely technical, but is in fact a 
strategic safeguard for trust, compliance, and resilience. 

We’ve classified our data. We’ve controlled who can access it. Now, we must ensure 
that even if data is intercepted, it remains unreadable and unusable to unauthorized 
parties. 

What Is Data Encryption? 
Encryption is the process of converting data into a coded format that can only be read 
or decrypted by someone with the correct key. It applies to: 

• Data at rest – Stored in databases, files, backups, or devices. 
• Data in transit – Moving across networks, APIs, or between systems. 
• Data in use – (in advanced cases) being processed in memory or by AI models. 

Encryption is not just a checkbox—it’s a core control that underpins privacy, security, 
and regulatory compliance. 

Why It Matters 

Without encryption: 

• Sensitive data can be intercepted during transmission or stolen from storage. 
• AI models may memorize and expose raw data, especially if training data isn’t 

protected. 
• Organizations risk non-compliance with regulations like GDPR, HIPAA, and PCI-

DSS. 
• A single breach can lead to reputational damage, legal penalties, and customer 

churn. 

Encryption is our last line of defense when other controls fail. 

What IT Needs to Do 
IT teams are responsible for implementing and managing encryption across the data 
landscape: 

• Apply encryption standards (e.g., AES-256, TLS 1.3) across databases, APIs, 
and storage. 

• Encrypt backups and logs, not just production data. 
• Manage encryption keys securely, using hardware security modules (HSMs) or 

key management services (KMS). 
• Ensure encryption is compatible with AI and analytics workloads. 
• Monitor for misconfigurations, such as unencrypted endpoints or exposed 

keys. 
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Encryption must be default, not optional. 

What the Business Needs to Do 
While encryption is technical in nature, business teams have a critical role: 

• Identify which data requires encryption, based on sensitivity and risk. 
• Support encryption policies by aligning business processes and vendor 

contracts. 
• Educate teams on secure data handling practices (e.g., not emailing 

unencrypted files). 
• Ensure third-party partners meet encryption standards when handling shared 

data. 

Encryption is a shared responsibility—not just an IT concern. 

What Happens When It’s Not Done 

Here’s a real-world example that illustrates the risk: 

A retail chain in Germany stored customer loyalty data in a cloud environment 
without encryption. During a routine AI model training process, the data was 
intercepted due to a misconfigured API. The breach exposed names, addresses, 
and purchase histories. Although the data wasn’t financial, the lack of 
encryption violated EU data protection standards, resulting in a fine and 
mandatory public disclosure—leading to customer churn and reputational 
damage. 

This wasn’t a sophisticated hack. It was a preventable oversight. 

How to Get Started 

To strengthen encryption practices, we recommend: 

1. Encrypt everything by default – Especially sensitive and regulated data. 
2. Use managed encryption services – Avoid building your own crypto. 
3. Rotate keys regularly – And revoke them immediately when compromised. 
4. Audit encryption coverage – Identify gaps across systems and vendors. 
5. Train teams – Make encryption part of your data culture.  
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Data Quality: The Foundation of Trustworthy 
Decisions and AI 
We’ve classified our data, controlled access, and encrypted it. But what if the data itself 
is wrong, incomplete, or inconsistent? 

That’s where Data Quality comes in. It’s not just about clean spreadsheets—it’s about 
trust. Trust in our dashboards, our decisions, and increasingly, our AI models. 

What Is Data Quality? 

Data quality refers to the accuracy, completeness, consistency, timeliness, and validity 
of data. High-quality data is: 

• Accurate – It reflects reality. 
• Complete – No critical values are missing. 
• Consistent – It aligns across systems and time. 
• Timely – It’s available when needed. 
• Valid – It conforms to expected formats and rules. 

Without these attributes, data becomes a liability rather than an asset. 

Why It Matters 

Poor data quality leads to: 

• Flawed decisions based on incorrect insights. 
• AI models that underperform or reinforce bias. 
• Operational inefficiencies, such as failed automations or duplicate records. 
• Regulatory risks, especially when inaccurate data affects customers or 

patients. 

In short: bad data = bad outcomes. 

What IT Needs to Do 
IT teams are responsible for implementing the technical backbone of data quality: 

• Deploy data profiling and validation tools to detect anomalies. 
• Automate cleansing routines to fix common issues (e.g., duplicates, nulls). 
• Monitor data quality metrics and set thresholds for alerts. 
• Collaborate with business teams to understand context and resolve issues. 
• Integrate quality checks into data pipelines and AI workflows. 

Data quality must be continuous, not episodic. 

  

What the Business Needs to Do 

Business teams are the first line of defense for data quality: 
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• Define business rules for what “good data” looks like. 
• Validate data at the source, not just downstream. 
• Report quality issues and participate in root cause analysis. 
• Own the data they generate, from CRM entries to operational logs. 

Data quality is not just a technical problem—it’s a business responsibility. 

What Happens When It’s Not Done 

Here’s a real-world example: 

A public transport operator in France used historical ticketing data to train an AI 
model for predicting peak travel times. However, the data contained duplicate 
entries, missing timestamps, and incorrect station codes. The model produced 
flawed predictions, causing overcrowding and service disruptions during a 
major event. The incident led to public complaints and media coverage, forcing 
the operator to suspend the model and invest in a full data cleansing initiative. 

The cost? Lost trust, lost time, and lost opportunity. 

How to Get Started 

To improve data quality, we recommend: 

1. Start with critical datasets – Focus on what drives decisions or AI. 
2. Define quality KPIs – Accuracy, completeness, timeliness, etc. 
3. Automate where possible – Use tools to scale profiling and cleansing. 
4. Create feedback loops – Let users flag and fix issues. 
5. Make it visible – Report quality metrics like you would financials. 
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Metadata Management: Giving Data Meaning, 
Context, and Traceability 
We’ve talked about classifying, securing, and cleaning our data. But how do we make it 
discoverable, understandable, and explainable—especially as data volumes grow 
and AI models become more complex? 

The answer lies in Metadata Management. 

What Is Metadata Management? 

Metadata is data about data. It describes: 

• What the data is (e.g., column names, formats, units) 
• Where it came from (e.g., source systems, ingestion pipelines) 
• How it’s used (e.g., linked reports, AI models) 
• Who owns it (e.g., data stewards, business owners) 
• When it was last updated or modified 

Metadata management is the practice of capturing, organizing, and maintaining this 
information so that data can be trusted, reused, and governed effectively. 

Why It Matters 

Without metadata: 

• We can’t trace data lineage, making audits and compliance difficult. 
• We lose context, leading to misinterpretation or misuse of data. 
• AI models become black boxes, lacking transparency and explainability. 
• Data becomes hard to find, slowing down analysis and innovation. 

Metadata is the glue that connects data to meaning, people, and purpose. 

What IT Needs to Do 

IT teams are responsible for building and maintaining the metadata infrastructure: 

• Implement metadata repositories or catalogs that centralize metadata. 
• Capture metadata automatically during ingestion, transformation, and usage. 
• Track data lineage across systems and pipelines. 
• Integrate metadata with AI platforms to support model explainability. 
• Enable search and discovery through business-friendly interfaces. 

Metadata should be embedded into the data lifecycle, not managed in isolation. 

  

What the Business Needs to Do 

Business teams bring the semantic layer to metadata: 

• Enrich technical metadata with business definitions and context. 
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• Define ownership and stewardship for key data assets. 
• Update metadata when business processes or data usage changes. 
• Use metadata to support decision-making, compliance, and collaboration. 

Metadata is not just for IT—it’s a shared language between business and technology. 

What Happens When It’s Not Done 

Here’s a real-world example: 

A pharmaceutical company used clinical trial data to train an AI model for drug 
efficacy prediction. Due to poor metadata management, the origin and context 
of several datasets were unclear. When regulators requested lineage 
documentation during an EMA audit, the company couldn’t prove the data’s 
validity. The drug approval was delayed by six months, costing millions in lost 
revenue and market opportunity. 

The data was there. The science was sound. But the lack of metadata broke the chain 
of trust. 

How to Get Started 

To improve metadata management, we recommend: 

1. Start with a metadata inventory – What do you already have? 
2. Choose a metadata platform – Preferably one that supports automation and 

collaboration. 
3. Define ownership – Who is responsible for maintaining metadata? 
4. Make it visible – Integrate metadata into data catalogs and dashboards. 
5. Keep it alive – Metadata must evolve with your data and business.  
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Data Compliance & Regulatory Measures: Turning 
Obligation into Advantage 
In Europe, data is not just a business asset—it’s a regulated asset. From the General 
Data Protection Regulation (GDPR) to the newly enforced EU Data Act, the regulatory 
landscape is evolving fast. And with it, the expectations for how we govern data. 

This article explores how we can move beyond compliance as a burden, and instead 
treat it as a strategic enabler of trust, transparency, and innovation. 

What Is Data Compliance? 

Data compliance means ensuring that our data practices align with legal, regulatory, 
and internal policy requirements. In the European context, this includes: 

• GDPR – Governing personal data protection, consent, and data subject rights. 
• EU Data Act – Enabling fair access, portability, and sharing of data from 

connected devices and digital services. 
• Data Governance Act – Facilitating trusted data sharing across sectors and 

borders. 
• AI Act (upcoming) – Regulating data quality and governance for high-risk AI 

systems. 

Compliance is not just about avoiding fines—it’s about building systems that respect 
rights and foster trust. 

Why It Matters 
Non-compliance can lead to: 

• Severe financial penalties (up to 4% of global turnover under GDPR). 
• Operational disruption, including forced shutdowns of data-driven services. 
• Reputational damage that erodes customer and partner trust. 
• Legal liability for executives and data controllers. 

But compliance also creates opportunities: 

• It builds customer confidence. 
• It enables cross-border data flows. 
• It prepares us for AI regulation and future audits. 
• It differentiates us as a trusted data partner. 

What IT Needs to Do 
IT teams are on the front lines of compliance execution: 

• Implement data protection by design and by default. 
• Maintain audit trails and logs for all data processing activities. 
• Ensure lawful data processing through consent, contracts, or legitimate 

interest. 
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• Support data subject rights (access, erasure, portability, etc.). 
• Enable data portability and interoperability, especially under the EU Data Act. 
• Monitor regulatory changes and adapt systems accordingly. 

Compliance must be built into the architecture, not bolted on. 

What the Business Needs to Do 

Business teams are responsible for governance, accountability, and transparency: 

• Stay informed about applicable regulations and sector-specific obligations. 
• Define lawful purposes for data collection and usage. 
• Ensure contracts and policies reflect regulatory requirements. 
• Participate in audits and risk assessments. 
• Communicate clearly with customers and partners about data use. 

Compliance is not just a legal function—it’s a shared business responsibility. 

What Happens When It’s Not Done 
Here’s a real-world example: 

A Dutch tech startup launched an AI-powered recruitment tool that processed 
CVs and social media profiles. They failed to obtain proper consent and didn’t 
document lawful processing under GDPR. A candidate filed a complaint, and 
the Dutch Data Protection Authority launched an investigation. The startup was 
fined and forced to shut down the tool, losing investor confidence and delaying 
their product roadmap. 

The lesson? Innovation without compliance is fragile. 

How to Get Started 

To strengthen compliance, we recommend: 

1. Map your data flows – Know what data you collect, where it goes, and why. 
2. Review your legal bases – Consent, contract, legitimate interest, etc. 
3. Update your privacy notices – Make them clear, complete, and accessible. 
4. Prepare for data portability – Especially under the EU Data Act. 
5. Train your teams – Compliance is everyone’s job. 
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Data Lifecycle Management: Governing Data from 
Creation to Deletion 
Data doesn’t just appear—and it shouldn’t just linger. Every dataset has a lifecycle, 
from the moment it’s created or acquired, to the moment it’s archived or deleted. 
Managing this lifecycle is essential for compliance, cost control, and data quality. 

In this article, we explore how Data Lifecycle Management (DLM) helps us govern data 
responsibly across its entire lifespan. 

What Is Data Lifecycle Management? 

Data Lifecycle Management is the practice of managing data through all its stages: 

1. Creation or acquisition – Data is generated or collected. 
2. Storage and usage – Data is stored, accessed, and used in operations or 

analytics. 
3. Sharing and transformation – Data is integrated, enriched, or shared across 

systems. 
4. Archival – Data is no longer actively used but retained for compliance or 

reference. 
5. Deletion – Data is securely and permanently removed when no longer needed. 

Each stage has its own governance needs—and risks. 

Why It Matters 

Without lifecycle management: 

• We retain outdated or irrelevant data, increasing storage costs and clutter. 
• We risk non-compliance with retention and deletion obligations (e.g., GDPR’s 

“right to be forgotten”). 
• We use stale data in AI models, leading to poor predictions and decisions. 
• We lose track of data ownership and accountability over time. 

Lifecycle management ensures that data remains relevant, compliant, and cost-
effective. 

What IT Needs to Do 

IT teams are responsible for implementing the technical controls that support lifecycle 
governance: 

• Automate data archiving and deletion based on retention policies. 
• Tag data with lifecycle metadata (e.g., creation date, last accessed). 
• Monitor data usage to identify candidates for archival or cleanup. 
• Ensure AI models use current data, not outdated snapshots. 
• Integrate lifecycle rules into data platforms, storage systems, and pipelines. 

Lifecycle management must be proactive, not reactive. 
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What the Business Needs to Do 
Business teams define the rules and rationale behind lifecycle decisions: 

• Set retention periods based on legal, operational, and analytical needs. 
• Identify data that is no longer needed, especially after projects or campaigns. 
• Align lifecycle policies with compliance requirements (e.g., GDPR, tax laws). 
• Support defensible deletion, especially for personal or sensitive data. 
• Review lifecycle policies regularly, as business needs evolve. 

Lifecycle governance is a joint effort between business and IT. 

What Happens When It’s Not Done 

Here’s a real-world example: 

A telecom provider in Spain retained customer data far beyond its retention 
policy. This outdated data was used to train a churn prediction AI model, which 
misidentified loyal customers as likely to leave. The company launched 
unnecessary retention campaigns, wasting marketing budget and confusing 
customers. The incident led to internal audits and a complete overhaul of data 
lifecycle practices. 

The data wasn’t wrong—it was irrelevant. 

How to Get Started 

To improve lifecycle management, we recommend: 

1. Inventory your data – Know what you have and when it was last used. 
2. Define retention policies – Based on legal, operational, and analytical needs. 
3. Automate enforcement – Use tools to archive or delete data on schedule. 
4. Review regularly – Policies must evolve with your business and regulations. 
5. Educate teams – Make lifecycle thinking part of your data culture.  
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Data Consolidation: Breaking Silos to Unlock 
Enterprise Intelligence 
As organizations grow, so does the complexity of their data landscape. Sales data lives 
in one system, customer feedback in another, and operational metrics in yet another. 
The result? Siloed data, fragmented insights, and missed opportunities. 

In this article, we explore how Data Consolidation helps us unify data across systems, 
teams, and formats—creating a single source of truth that powers better decisions and 
more effective AI. 

What Is Data Consolidation? 
Data consolidation is the process of combining data from multiple sources into a 
unified, consistent, and accessible format. This can involve: 

• Merging databases or data warehouses 
• Integrating APIs and data pipelines 
• Standardizing schemas and formats 
• Creating data lakes or lakehouses 
• Harmonizing business definitions 

The goal is not just technical integration—it’s semantic alignment across the 
enterprise. 

Why It Matters 

Without consolidation: 

• We waste time reconciling conflicting reports from different systems. 
• AI models are trained on incomplete or inconsistent datasets. 
• Business users struggle to find or trust the data they need. 
• We duplicate efforts, store redundant data, and increase costs. 

Consolidation enables faster insights, better collaboration, and more reliable 
automation. 

What IT Needs to Do 
IT teams are responsible for building the infrastructure that enables consolidation: 

• Design and maintain integration pipelines across systems and platforms. 
• Standardize data formats and schemas to ensure compatibility. 
• Implement master data management (MDM) to resolve duplicates and 

inconsistencies. 
• Ensure consolidated data is accessible to analytics and AI platforms. 
• Monitor data freshness and lineage to maintain trust. 

Consolidation is not a one-time migration—it’s a continuous integration process. 
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What the Business Needs to Do 
Business teams play a key role in making consolidation meaningful: 

• Identify key data sources that need to be unified. 
• Validate consolidated data for accuracy and business relevance. 
• Align on definitions (e.g., what counts as a “customer” or “active user”). 
• Support data harmonization efforts across departments. 
• Use consolidated data to drive decisions and measure outcomes. 

Consolidation is not just about systems—it’s about shared understanding. 

What Happens When It’s Not Done 

Here’s a real-world example: 

A logistics company in Italy had separate systems for warehouse inventory, 
delivery tracking, and customer orders. Their AI model for route optimization 
failed to account for real-time stock levels due to siloed data. As a result, trucks 
were dispatched with incomplete loads, increasing fuel costs and delivery 
delays. The company had to pause the AI rollout and invest in a data lake to 
consolidate sources. 

The insight was there—but the data wasn’t connected. 

How to Get Started 

To begin consolidating data effectively: 

1. Map your data landscape – Identify key systems and data flows. 
2. Prioritize high-impact integrations – Focus on what drives decisions or 

automation. 
3. Standardize definitions and formats – Align business and technical teams. 
4. Invest in integration tools – ETL, ELT, APIs, and data virtualization. 
5. Create a shared data catalog – Make consolidated data discoverable and 

trusted.  
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Data Cost Management: Controlling the Financial 
Impact of Data Growth 
Data is often described as the new oil—but unlike oil, it doesn’t deplete. It accumulates. 
And with that accumulation comes a growing cost: storage, processing, backups, 
compliance, and compute-intensive AI workloads. 

In this article, we explore how Data Cost Management helps us balance innovation 
with efficiency—ensuring that our data ambitions don’t outpace our budgets. 

What Is Data Cost Management? 

Data Cost Management is the practice of monitoring, optimizing, and forecasting the 
financial impact of data across its lifecycle. This includes: 

• Storage costs – On-premises or cloud-based 
• Compute costs – Especially for analytics and AI workloads 
• Data movement costs – Between systems, regions, or clouds 
• Licensing and tooling costs – For platforms, APIs, and integrations 
• Operational overhead – For managing, securing, and governing data 

It’s not just about cutting costs—it’s about spending wisely. 

Why It Matters 

Without cost management: 

• We store everything, forever, “just in case”—leading to bloated infrastructure. 
• AI projects become financially unsustainable due to uncontrolled compute 

usage. 
• We duplicate data across systems, increasing redundancy and risk. 
• We lack visibility into who is using what data, and at what cost. 

Cost management enables us to prioritize high-value data, reduce waste, and make 
data-driven decisions about… well, data. 

What IT Needs to Do 
IT teams are responsible for implementing the tools and practices that make cost 
management possible: 

• Monitor data usage and associated costs across platforms and environments. 
• Implement tiered storage (e.g., hot, warm, cold) based on access frequency. 
• Optimize compute resources for AI, analytics, and ETL workloads. 
• Tag and track data assets by project, department, or owner. 
• Provide cost dashboards to business stakeholders. 

Cost visibility is the first step toward cost control. 



 22 

What the Business Needs to Do 
Business teams must take ownership of data value: 

• Prioritize data investments based on ROI and business impact. 
• Review cost reports and challenge unnecessary data growth. 
• Decide what data is truly needed, and at what level of availability. 
• Collaborate with IT to balance performance, compliance, and cost. 
• Support data lifecycle policies that reduce long-term storage burdens. 

Cost management is not about saying “no” to data—it’s about saying “yes” to the right 
data. 

What Happens When It’s Not Done 

Here’s a real-world example: 

A retail company was storing every transaction ever made—across three 
systems, with no deletion policy. When they began training AI models, the cost 
of processing this massive, redundant dataset quickly spiraled. The team asked, 
“Do we really need to know who bought lobster on December 24, 2002?” The 
answer was “yes”—but not in real-time, and not in every model. The AI project 
was paused to address this long-overdue data challenge. 

The lesson? Not all data needs to be online, accessible, or AI-ready. 

How to Get Started 
To manage data costs effectively: 

1. Tag data assets by owner, purpose, and usage. 
2. Implement storage policies based on access frequency and retention needs. 
3. Monitor compute usage for AI and analytics workloads. 
4. Review licensing and tooling costs regularly. 
5. Educate teams on the financial impact of data decisions.  
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Data Monitoring & Auditing: Creating 
Transparency, Accountability, and Trust 
We’ve consolidated our data and started managing its cost. But how do we know what’s 
actually happening with our data—who’s using it, how it’s changing, and whether it’s 
being misused? 

That’s where Data Monitoring & Auditing comes in. It’s the visibility layer of data 
governance—the part that ensures we’re not just setting policies, but actually enforcing 
and improving them. 

What Is Data Monitoring & Auditing? 
• Monitoring is the continuous tracking of data usage, access, quality, and 

movement across systems. 
• Auditing is the structured review of data-related activities to ensure 

compliance, detect anomalies, and support investigations. 

Together, they provide the evidence and insight needed to govern data proactively—
not just reactively. 

Why It Matters 
Without monitoring and auditing: 

• We can’t detect unauthorized access or data misuse. 
• We miss quality issues that silently degrade analytics and AI. 
• We lack audit trails for compliance with GDPR, the EU Data Act, and internal 

policies. 
• We can’t explain or justify AI model behavior, especially in regulated industries. 

Monitoring and auditing are essential for trust, transparency, and continuous 
improvement. 

What IT Needs to Do 

IT teams are responsible for implementing the technical backbone of monitoring and 
auditing: 

• Set up monitoring dashboards for data access, movement, and quality. 
• Maintain detailed audit logs across systems and platforms. 
• Integrate monitoring with AI pipelines to track model inputs and outputs. 
• Alert on anomalies, such as unusual access patterns or data spikes. 
• Ensure logs are tamper-proof and retained according to policy. 

Monitoring should be real-time, and auditing should be retrospective and reportable. 
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What the Business Needs to Do 
Business teams play a key role in interpreting and acting on monitoring insights: 

• Review audit reports regularly and participate in data governance reviews. 
• Investigate anomalies and escalate issues when needed. 
• Define acceptable use policies and ensure teams follow them. 
• Support continuous improvement by using monitoring data to refine 

processes. 
• Ensure accountability by assigning data owners and stewards. 

Monitoring is not just about catching mistakes—it’s about learning and improving. 

What Happens When It’s Not Done 

Here’s a real-world example: 

A financial services firm in Luxembourg deployed an AI model for credit scoring. 
Over time, the model began rejecting applications from specific demographics 
due to unnoticed bias in the training data. Because there was no monitoring or 
auditing in place, the issue persisted for months. When discovered during an 
internal ethics review, the firm faced reputational damage and had to re-
engineer the model under regulatory supervision. 

The model worked—but it wasn’t watched. 

How to Get Started 
To improve monitoring and auditing: 

1. Define what to monitor – Access, quality, lineage, usage, etc. 
2. Implement logging and alerting – Use tools that integrate across platforms. 
3. Review regularly – Make audits part of your governance rhythm. 
4. Act on findings – Monitoring is only useful if it drives change. 
5. Make it visible – Share insights with stakeholders to build trust. 
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Data Incident Response & Disaster Recovery: 
Preparing for the Inevitable 
Even with the best governance in place, things can go wrong. Systems fail. Data gets 
corrupted. Breaches happen. The question is not if—but when. And when it does, how 
quickly we respond determines how much we lose—or how much we preserve. 

In this final article of the series, we explore how Data Incident Response & Disaster 
Recovery ensures resilience, continuity, and trust when the unexpected strikes. 

What Is Data Incident Response & Disaster Recovery? 

• Incident Response refers to the structured process of detecting, responding to, 
and recovering from data-related incidents—such as breaches, leaks, or 
corruption. 

• Disaster Recovery focuses on restoring data and systems after major 
disruptions—whether caused by cyberattacks, hardware failure, or natural 
disasters. 

Together, they form the safety net of data governance. 

Why It Matters 
Without a tested response and recovery plan: 

• We risk extended downtime, lost revenue, and operational paralysis. 
• Sensitive data may be exposed or lost, triggering regulatory investigations. 
• AI models and analytics pipelines may be corrupted or compromised. 
• We lose customer trust, especially if communication is delayed or unclear. 

Resilience is not just about technology—it’s about preparedness, coordination, and 
speed. 

What IT Needs to Do 

IT teams are responsible for building and maintaining the technical and procedural 
backbone of resilience: 

• Develop and test incident response plans, including roles, escalation paths, 
and communication protocols. 

• Implement backup and recovery solutions that cover all critical data and 
systems. 

• Ensure AI models and training data are included in disaster recovery scope. 
• Monitor for anomalies that may indicate breaches or failures. 
• Simulate incidents regularly to test readiness and identify gaps. 

Recovery plans must be documented, automated where possible, and rehearsed. 

What the Business Needs to Do 

Business teams play a vital role in ensuring continuity and communication: 
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• Define business continuity priorities—what must be restored first, and why. 
• Participate in incident simulations and tabletop exercises. 
• Communicate with stakeholders—internally and externally—during incidents. 
• Support post-incident reviews to improve future response. 
• Ensure regulatory reporting obligations are met in case of breaches. 

Resilience is a shared responsibility—not just an IT checklist. 

What Happens When It’s Not Done 

Here’s a real-world example: 

A manufacturing company in Austria suffered a cyberattack that encrypted its AI 
models and training data. Without a tested disaster recovery plan, it took over 
two weeks to restore operations. During this time, production halted, suppliers 
were delayed, and clients moved to competitors. The incident revealed major 
gaps in their data resilience strategy and led to a full overhaul of their 
governance protocols. 

The cost wasn’t just technical—it was strategic. 

How to Get Started 
To strengthen your incident response and recovery posture: 

1. Identify critical data and systems—what must be protected and restored first. 
2. Develop a response plan—including detection, containment, and 

communication. 
3. Implement regular backups—and test recovery procedures. 
4. Simulate incidents—from ransomware to accidental deletion. 
5. Review and update plans—as systems, risks, and regulations evolve.  
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Wrapping Up 
Over the course of whitepaper, we’ve explored the full spectrum of  ata  overnance—
from classification and access control to cost management and disaster recovery. 

Together, these pillars form a practical, actionable framework for building trust, 
enabling innovation, and preparing for the future of AI and data-driven business. 

Here’s a quick recap of the 11 governance pillars: 

1. Data Classification: we can’t protect what we haven’t classified 
2. Access Control: we can’t govern data if we can’t control who touches it 
3. Data Encryption: we can’t control every breach, but we can control what’s 

exposed 
4. Data Quality: we can’t make good decisions with bad data 
5. Metadata Management: data without metadata is just noise 
6. Data Compliance & Regulatory Measures: compliance isn’t just about avoiding 

risk, it’s about earning trust 
7. Data Lifecycle Management: data has a lifecycle—and so should our governance 
8. Data Consolidation: data is only powerful when it’s connected 
9. Data Cost Management: data is valuable—but only if we can afford to use it 
10. Data Monitoring & Auditing: we can’t govern what we can’t see 
11. Data Incident Response & Disaster Recovery: we can’t prevent every incident—

but we can be ready to recover 

Each pillar addresses a specific challenge and opportunity in managing enterprise data. 
Together, they help organizations: 

- Build AI readiness 
- Ensure regulatory resilience 
- Improve operational efficiency 
- Strengthen customer trust 
- Enable cross-functional collaboration 

As we move ahead, data governance will continue to evolve. New regulations like the EU 
Data Act and the AI Act will raise the bar for transparency, accountability, and data 
quality. Organizations that invest in governance today will be better positioned to 
innovate responsibly tomorrow. 

This whitepaper is your blueprint. Use it to assess your current maturity, align IT and 
business teams, and build a governance roadmap that supports your strategic goals. 

Governance isn’t about slowing down—it’s about moving forward with 
confidence. 


